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Table 1. Experiments on MOT16 and MOT17 test set. The best result in each metric is highlighted in bold, and the second

Framet best result is underlined. * indicates the use of additional training data.
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Figure 1. Pipeline of our MOT model. There are four procedures: feature extraction, graph networks, data association
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Variable Updated Updated Updated Updated Table 3. Performance of A* trained with/without Ly. L and Ly denotes the cross-entropy loss and the node cost loss

We construct a graph: Figure 2. Upper part: The structure of the 4-step graph network. Lower part: The corresponding networks for the ~ respectively.
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Figure 3. (a) The structure of the appearance graph network. (b) The structure of the motion graph network.
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The introduction video is available at http://jiaheli.wacv.cc/




